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Introduction: 
The excuse has expired

Let’s not dress this up. Enterprise AI has crossed a 
threshold. The boardroom debates about whether 
AI is real, whether it will last, whether it’s worth the 
investment… Those debates are over.

Every meaningful business in every meaningful 
sector is now operating under the same set of 
facts: AI is transforming how work gets done, 
how decisions get made, and how competitive 
advantage is built.

Enterprises need to be asking whether they’re 
deploying AI in a way that will still make sense in 
three years.

For many, the honest answer is probably not.

The infrastructure decisions being made today 
(defaulting to cloud hyperscalers, bolting consumer 
tools onto professional workflows, running 
production inference on hardware designed for 
experimentation) are creating dependencies and 
cost structures that will constrain rather than enable 
AI maturity.

This playbook is for enterprises ready to do 
it properly and now need to make sure the 
foundation they’re building AI infrastructure on isn’t 
going to buckle under them.

What follows is a practical guide to enterprise 
AI deployment. From the strategic arguments 
for local-first infrastructure through the stages of 
scaling from prototype to production, the specific 
use cases, and the hardware and software stack 
that make it all work.

AI is no longer a horizon 

technology. Success 

doesn’t equate to having 

the biggest budget 

but rather the right 

architecture.
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AI isn’t experimental anymore
So why are so many deployments still failing?

3

Most enterprises aren’t failing at AI because of 
bad ideas. The ideas are usually fine. The use cases 
are real. The enthusiasm, at least at the start, is 
genuine. They’re failing because they’re deploying 
on infrastructure that was never built for production 
AI, and they’re only discovering that when it’s 
expensive to change.

Stuck in the middle

Most enterprise AI programmes are caught in a 
three-way trap.

On one side, there’s cloud experimentation: 
models accessed via API, inference running on 
shared compute somewhere in a hyperscaler’s 
data center, costs that looked manageable at low 
volume and are now alarming at scale.

On the other, there are security and compliance 
teams that have very legitimate concerns about 
what happens when sensitive business data 
(customer records, financial models, proprietary 
IP) gets routed through a third-party inference 
endpoint.

Threading between the two, there’s an infrastructure 
problem: on-premise hardware that predates 
the transformer era, not built for the memory 
bandwidth and sustained throughput that modern 
AI workloads demand.

These are structural problems, and they don’t 
resolve themselves through more experimentation. 
They require a structural answer.

The hyperscaler dependency myth

Sometime in the last few years, a working 
assumption took hold that serious enterprise AI 
has to run on AWS, Azure or Google Cloud. That 
only hyperscalers have the infrastructure capable 
of supporting production-grade AI. Going local 
meant going small.

That assumption is obsolete.

The hidden costs of cloud inference at scale are 
significant, for example:

• Per-token pricing that compounds with every 
user and every query

•  Egress fees that punish data-intensive workloads

• Latency that varies based on network conditions 
and shared load

• Model lock-in that limits your options as better 
models emerge

•  Compliance exposure that becomes harder to 
manage the more your data moves

None of these are dealbreakers at low volume. At 
enterprise scale, all of them are.

The counterargument, that local infrastructure 
requires massive upfront investment and specialist 
expertise to manage, was true five years ago. The 
hardware has moved on; the software stack has 
matured and the case for local-first AI has never 
been stronger.
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What enterprise AI actually needs

Strip away the marketing and acronyms, and what 
production enterprise AI deployment actually 
requires comes down to three things.

• Local-first inference. Models that run on-premise 
or at the edge, not routed through a third party. 
Fast, private, and not subject to the pricing 
decisions of a cloud vendor.

•  Private, secure AI workflows. Data that stays 
where compliance demands. Inference that 
doesn’t touch the public internet. Audit trails 
that satisfy the most demanding regulatory 
environment.

• Modular, agile scaling. Infrastructure that 
grows with the use case, not the other way 
around. The ability to add compute capacity 
when demand justifies it, without re-platforming 
from scratch.

These aren’t aspirational requirements. They’re the 
baseline for any enterprise AI deployment that’s 
going to survive contact with legal, finance, and 
security teams.

That’s Panchaea’s core thesis, and it’s what this 
playbook is built around. The chapters that follow 
show you what that looks like in practice: the 
deployment journey, the use cases, the stack, and 
the hardware that makes it all run.

You don’t need a 

hyperscaler to run serious 

enterprise AI. Agile 

deployment, sovereign 

infrastructure and the right 

hardware are sufficient 

(and increasingly, 

preferable).
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From prototype to production
What scaling enterprise AI actually looks like

Most AI projects don’t fail because underlying technology doesn’t work. They fail 

in the gap between a working demo and an organisation-wide deployment. That 

gap is an infrastructure journey, and it needs to be planned...not improvised.

Why prototypes lie

A prototype that runs on a single developer’s 
machine or a modest cloud instance tells you 
almost nothing about production viability. Latency, 
throughput, concurrent user load, model versioning, 
data pipeline complexity, integration with existing 
systems, none of these surface until you’re out of 
the sandbox and into the real world.

Navigating this successfully means treating 
deployment as a staged process. Each stage:

•Has clear infrastructure requirements

•Builds on the previous stage

•Is designed with the next one already in mind

The three-stage deployment arc

Here’s what that journey looks like in practice, 
illustrated through the lens of a higher education 
institution, one of the most instructive verticals for 
enterprise AI deployment because it combines 
research-grade compute demands, strict data 
governance, and a broad, diverse user base all 
under one roof.
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Stage 3 – Enterprise-scale private AI infrastructure

The final stage is fully private AI infrastructure built for organisation-wide deployment. NVIDIA 
DGX™ systems deliver the compute density required for large model inference, fine-tuning and high-
throughput workloads at scale.

Enterprise copilots available to every member of staff. Agentic systems running complex, multi-step 
workflows. The compute backbone that makes institution-wide AI not just possible but reliable.

For a university, this is the point at which AI becomes embedded infrastructure:

• Supporting admissions teams with AI-assisted application processing

•  Enabling research departments with simulation and data analytics at scale

• Running institution-wide knowledge management systems that surface the right information to the 
right person at the right moment

....all on hardware the institution owns, on a network it controls.

Stage 1 – The developer workstation

Every serious AI deployment starts here: a single, high-performance GPU workstation running local 
inference. No cloud dependency. No shared resource contention. Just a developer or researcher with 
direct access to serious compute, able to experiment, iterate, and build without waiting for API quotas or 
worry about what data is being sent where.

In a university context, this is the individual researcher: an academic building a retrieval augmented 
generation system over the institution’s document archive, or a data science department head prototyping 
an AI teaching assistant on local hardware.

Built on the NVIDIA Blackwell architecture, the NVIDIA RTX PRO™ 6000 Blackwell Workstation Edition is 
the natural anchor at this stage, with enough memory bandwidth and compute to run capable local models 
without requiring a data center.

The output of this stage isn’t just a working prototype. It’s validated confidence that the use case is real, the 
data requirements are understood, and the deployment is worth scaling.

6

Stage 2 – The team AI layer

Once a use case is validated, the next move is shared GPU resource. Multiple NVIDIA RTX PRO™-
powered workstations networked across a department can serve shared inference endpoints with access 
controls and basic governance in place. AI stops being one person’s project and becomes a team 
capability.

For the university, this might look like a faculty-wide shared inference cluster: a research computing team 
administering shared GPU resources, with different departments accessing different models (a legal 
research team using one fine-tuned model, a medical faculty using another), all running privately on 
hardware the institution controls, with student and staff data never leaving the campus network.

This is where the data sovereignty argument becomes tangible. The institution’s student records, research 
data and commercially sensitive IP are being processed by AI systems that are entirely within institutional 
control. No third-party data processing agreements (DPAs). No questions about what the cloud provider is 
doing with inference logs.
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Other verticals  
where this arc matters

While education illustrates the deployment 
journey clearly, the same three-stage arc applies 
across a range of sectors where data sensitivity, 
regulatory requirements, and scale combine to 
make cloud-only approaches inadequate.

• Financial services: Trading desks and risk 
management teams where inference latency 
directly affects outcomes. Compliance 
requirements that make routing client data 
through a public cloud legally problematic. 
Proprietary models trained on internal data that 
represent genuine competitive advantage, not 
something to hand to a hyperscaler.

• Healthcare and life sciences: Patient data 
that is legally required to stay within defined 
boundaries. Clinical AI systems that need to 
be auditable and explainable. Drug discovery 
and genomics workflows that require serious 
compute density and can’t tolerate network-
dependent latency.

• Energy: Grid management, predictive 
maintenance and operational optimisation 
at a scale and complexity that makes cloud-
dependent inference a liability. AI systems 
processing real-time sensor data from physical 
infrastructure (pipelines, substations, windfarms) 
where latency and reliability aren’t negotiable. 
Digital twins of energy assets that require 
sustained compute to run meaningful simulation.

• Telecommunications: Network optimisation, 
anomaly detection and predictive maintenance 
across infrastructure that spans geographies 
and generates data volumes that cloud egress 
costs make prohibitive to process externally. 
Telecoms operators building private AI 
capabilities to reduce dependence on the same 
cloud providers they’re competing with for 
enterprise customers.

• Game development and creative industries: 
Studios running AI-assisted asset generation, 
real-time raytracing and simulation workloads 
that require the kind of GPU compute density 
consumer hardware can’t sustain. Generative 
design pipelines where artists and engineers 
need local inference that keeps proprietary 
creative assets (characters, environments, IP) 
entirely within the studio’s control.

• Public sector and defence: Sovereign AI 
requirements that make cloud dependency a 
non-starter. Air-gapped environments where 
sensitive workloads must run entirely on 
locally controlled infrastructure. Government 
procurement frameworks that require supply 
chain transparency.

In each case, the deployment journey is the 
same. The specific hardware configuration, model 
choices and governance requirements differ. The 
three-stage architecture doesn’t.
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What enterprise AI can actually do
Use cases worth building for
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The most valuable enterprise AI deployments do 
not replace workers. They remove the friction that 
stops skilled people doing their best work and 
unlocks workflows that simply weren’t possible 
before. Here’s where the ROI actually lives.

Pillar one: Copilots

AI that augments how people work. It isn’t a 
replacement for expertise, but a force multiplier for it.

• Virtual assistants embedded in enterprise 
workflows: AI that understands your 
organisation’s context, terminology, processes, 
and data. It operates inside the tools your 
people already use.

• Documentation automation: Generating, 
summarising, and version-controlling technical 
and operational documents at speed. Think first 
drafts in seconds and audit trails by default.

• Retrieval-augmented generation (RAG) 
workflows: AI that searches and synthesises 
your own internal knowledge base, not the 
public internet. The institutional knowledge that 
currently lives in email threads, shared drives 
and the heads of your most experienced staff, 
made accessible and queryable.

• Support copilots for customer-facing teams: 
Real-time assistance that surfaces relevant 
information, suggests responses, handles routine 
queries and more, letting human agents focus 
on the interactions that really require human 
judgement.

The hardware story here is NVIDIA RTX PRO 
6000 Blackwell Workstation Edition GPUs at the 
individual workstation level, running local inference 
for low-latency copilot responses, with NVIDIA 
NIM™ microservices handling the model-serving 
layer for team and enterprise deployments on 
NVIDIA DGX™ systems.

NVIDIA NIM™, part of NVIDIA AI Enterprise, is 
a set of easy-to-use microservices designed for 
secure, reliable deployment of high-performance 
AI model inferencing across clouds, data centers, 
and workstations.

Pillar two: Agentic AI

AI copilots assist. AI agents act. 
The distinction matters.

Agentic AI systems are capable of multi-step 
reasoning, tool use, and long-horizon task 
completion without constant human prompting. 
They go beyond just surfacing information – they 
just do the work autonomously.

• Code generation and review agents: 
Engineering teams that spend far less 
time writing boilerplate and more time on 
architecture. Automated code review that flags 
issues before they ever reach a human reviewer.

• Data analysis and reporting agents: 
Systems that ingest raw data, run analysis, 
generate insights, and produce report-ready 
output, without a data analyst having to touch 
every dataset.

• Research and competitive intelligence 
agents: Continuously monitoring sources, 
synthesising findings, and delivering structured 
briefings. Work that previously required 
dedicated analyst time, running autonomously.

• Operational workflow agents: Multi-step 
processes (procurement approvals, compliance 
checks, onboarding workflows) that currently 
require human handoff at every stage, 
automated end-to-end with appropriate human 
review gates.

Agentic workloads are compute-intensive and 
persistent. They require the sustained throughput 
and memory capacity of NVIDIA DGX™ systems, 
infrastructure that can run complex, multi-model 
architectures reliably, at scale, over extended periods.
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Pillar three: Generative design, 
simulation and digital twins

This is where enterprise AI gets genuinely 
transformative for industries that work in the 
physical world. The convergence of generative 
AI, physically accurate simulation and real-time 
rendering is opening up workflows that weren’t 
possible at any price point five years ago.

• AI-assisted CAD and generative design: 
Producing and iterating design variants at 
a speed no human design team can match. 
Exploring the solution space more completely. 
Getting to the right answer faster.

• Physically accurate real-time raytracing: 
Visualisation that doesn’t require a rendering 
farm or a week of compute time. Architects 
showing clients photorealistic walkthroughs in 
real-time. Product teams reviewing designs in 
accurate lighting conditions before physical 
prototypes are built.

• Digital twins: Live simulation of physical 
systems (factories, logistics networks, power 
grids, buildings) for optimisation, predictive 
maintenance, and operational planning. The 
physical world modelled in software, updated 
continuously from real sensor data.

• Scientific simulation: Drug discovery, 
materials science, climate modelling and 
engineering simulation, workloads that 
compress years of physical experimentation 
into weeks of compute time.

The hardware for this pillar includes NVIDIA 
Omniverse™ libraries for simulation, collaboration 
and digital twin development; NVIDIA DGX™ 
systems powered by NVIDIA Blackwell for 
compute-intensive rendering and simulation; and 
NVIDIA RTX PRO 6000 Blackwell Workstation 
Edition GPUs for individual designer and engineer 
workstations where real-time ray tracing and local 
AI acceleration are essential.

NVIDIA Blackwell architecture delivers 
groundbreaking advancements for generative AI 
and accelerated computing, featuring the second-
generation Transformer Engine and faster NVLink 
interconnects for unprecedented performance 
and efficiency.
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Why consumer hardware 
and cloud-only strategies 
won’t get you there
The ceiling you don’t see coming

The tools that got enterprises AI won’t be the tools 
that keep it there. Consumer GPUs and cloud-
only inference both hit a ceiling, in cost, security, 
performance, and control, that growing enterprises 
can’t afford to ignore.

Crucially, that ceiling tends to appear precisely 
when you’ve committed to the approach and 
changing course is expensive.

The ceiling you don’t see coming

Consumer hardware is designed for peak bursts, 
not sustained inference workloads. Run an 
AI system that sees serious enterprise load on 
consumer GPU hardware, and you’ll discover 
thermal constraints, memory bandwidth 
limitations, and a support model that stops 
at the community forum.

Cloud-only approaches carry a different set of 
hidden costs. The per-token pricing that looked 
manageable in proof-of-concept becomes 
alarming when multiplied by the query volume of a 
real deployment.

• Egress fees compound with every 
data-intensive workload

• Latency varies in ways you can’t 
control or predict

• Compliance – which third party is processing 
your data, under what terms, and with what 
audit capability – gets harder to manage the 
more your data moves

Neither approach is futureproof. As AI models grow 
more capable and use cases expand, the gap 
between what these approaches can deliver and 
what enterprise AI actually demands only widens.
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Capability

Data Sovereignty

Inference Cost

Model Flexibility

Latency

Security and 
compliance

Performance  
Under Load

Support

Consumer AI Setup

None – consumer cloud 
services handle your data

Low initially, unsustainable  
at volume

Consumer models only, 
provider dictates options

Variable and uncontrolled

Minimal controls

Degrades significantly

Community forums

Cloud-Only AI

Dependent entirely on 
provider terms

Per-token costs compound 
rapidly at scale

Provider’s catalogue – limited 
open-source

Network-dependent, 
unpredictable

Provider-managed, shared 
responsibility model

Throttled unless reserved 
capacity is paid for

Ticket queues

Panchaea-Deployed 
Enterprise AI

Full – data never leaves 
your environment

Predictable CapEx with 
lower long-run TCO

Any model: open-source, 
fine-tuned, proprietary

Deterministic and local

Fully auditable, on-premise 
or private cloud

Consistent – designed for 
sustained workloads

Dedicated infrastructure 
partner

The comparison

Building a strategic 
asset, not solving a 
temporary problem
Enterprises that invest in private AI infrastructure now 
are building a strategic asset, the ability to run next-
gen models as they emerge, without re-platforming 
from scratch.

•Sovereign infrastructure

•Full control over model choice

• Predictable costs that don’t scale linearly 
with usage

The total cost of ownership argument increasingly 
favours on-premise and private AI infrastructure at 
enterprise scale. The initial CapEx is real; the long-run 
economics are compelling, and the strategic value of 
owning your AI stack (the models, data, compute) is 
significant at a time when AI capability is becoming 
a primary source of competitive advantage.
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The enterprise AI stack
What it’s actually made of

A production enterprise AI deployment isn’t a single 
product or platform. It’s a stack, and every layer of 
that stack matters.

Get the application layer right but neglect 
the networking? Performance will suffer. Get 
the compute right but skip the software layer? 
Deployment will take three times as long as it should.

Here’s how the layers fit together.

Layer one: AI applications

The top of the stack is the layer your people 
interact with:

•The copilots embedded in existing tools

• The autonomous agents running 
complex workflows

• The generative design environments

• The RAG-powered knowledge systems

This is the visible layer, but it only works if everything 
beneath it is solid.

Application-layer decisions are driven by use case:

•What workflows need augmenting

•What data sources need connecting

•What the user experience needs to feel like

The infrastructure stack exists to make those decisions 
possible, not to constrain them.

Layer two: AI software

NVIDIA Omniverse™ libraries provide tools 
for building and running physically accurate 
simulations and digital twin environments. They 
enable multi-application workflows where design 
tools, simulation engines and AI models operate on 
the same shared representation of a physical asset 
or environment, opening up the generative design, 
real-time collaborative visualisation and digital twin 
capabilities covered in the “What AI can actually 
do” section.

NVIDIA NIM™ provides prebuilt, optimised 
inference microservices that let enterprises deploy 
AI models quickly, privately and at scale. Rather 
than building model-serving infrastructure 
from scratch, NIM™ microservices provide a 
standardised, high-performance layer that works 
across NVIDIA-accelerated infrastructure. Models 
go from deployment decision to live endpoint in 
hours, not weeks.
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Layer three: Accelerated compute

NVIDIA DGX™ systems are purpose-built AI 
infrastructure delivering the compute density 
required for large model training, fine-tuning and 
high-throughput inference at enterprise scale. Not 
repurposed server hardware with GPUs added, 
not consumer cards in a rack, but systems designed 
end-to-end for AI workloads. These systems come 
with the thermal management, interconnected 
bandwidth, memory capacity and software 
integration that sustained enterprise AI 
operation demands.

NVIDIA RTX PRO™-powered workstations  
are the individual developer and designer tier: 
high-performance GPU workstations for local 
inference, agent development, creative AI 
workflows and simulation.

They are the Stage 1 infrastructure in the 
deployment arc, and the ongoing tool of record for 
the developers, researchers and designers building 
on top of the enterprise AI stack. The NVIDIA RTX 
PRO 6000 Blackwell Workstation Edition GPU 
provides the memory bandwidth and compute 
headroom for serious local AI work without 
requiring shared infrastructure.

Layer four: The physical layer

The infrastructure that makes everything above it 
reliable and secure.

• Security: Physical and logical controls 
appropriate to the sensitivity of the data and 
workloads involved. Air-gapped environments 
where required. Full audit trail of what data is 
being processed, by which models, under which 
access policy.

• Storage: High-throughput NVMe for model 
weights, training data and inference caching. 
Storage that doesn’t become a bottleneck when 
your models are large and your query volumes 
are high.

• Networking: Low-latency interconnects 
ensuring GPU utilisation isn’t bottlenecked 
by data movement. The difference between 
infrastructure that performs at specification and 
infrastructure that underperforms because the 
network can’t keep up with the compute.

Every layer is a decision point. Every decision 
in the lower layers either expands or constrains 
what’s possible in the layers above. Getting the 
stack right from the foundation up is the difference 
between AI infrastructure that scales and AI 
infrastructure that plateaus.
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How Panchaea deploys 
enterprise AI
End to end

The technology is only half the problem. Knowing 
how to design, source, deploy and scale it is the 
other half, and it’s the half that most organisations 
haven’t got the bandwidth to navigate alone. That’s 
where Panchaea comes in.

We’re not a reseller that drops hardware at 
your door and hands you a manual. We’re an 
infrastructure solutions provider that works with 
enterprises from the initial assessment through to 
long-term scale. Here’s what that looks like 
in practice.

AI readiness assessment

Before a single piece of hardware is specified, 
Panchaea works with enterprise teams to 
understand where they are:

• Existing infrastructure

• Use cases that are ready to move to production 
and those that need more development

• Data architecture and where sensitive data 
currently lives

• Security and compliance requirements

• What scale ambitions look like in one year, 
in three

This isn’t a sales exercise with a predetermined 
conclusion. It’s a full diagnostic, and the output 
shapes everything that follows. Enterprises that skip 
this step and go straight to hardware procurement 
almost always end up over-specified in some areas 
and under-specified in others.

Infrastructure design

Once the requirements are understood, Panchaea 
translates them into an AI stack.

• Which models

• Which hardware tier

• Which deployment architecture

 –  NVIDIA RTX PRO™-powered workstations 
at the team layer

 –  NVIDIA DGX™ systems at the 
infrastructure layer

 –  A staged combination of both

• How the network needs to be configured to 
support the compute

The design is right-sized for where the business is 
now and modular enough to scale where it’s going 
– without requiring a full re-architecture every time 
requirements evolve.

NVIDIA hardware sourcing 
and deployment

As an NVIDIA Preferred Partner for Compute, 
Panchaea sources and deploys NVIDIA DGX™ 
systems, NVIDIA RTX PRO™-powered workstations 
and the broader NVIDIA accelerated computing 
ecosystem. Hardware is configured correctly 
for the specific workload, rather than relying on 
generic server builds that happen to include a GPU. 
Installation and integration are handled by people 
who know how these systems are meant to perform.
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Integration and activation

Getting the stack operational means more than 
simply powering on hardware. It means:

• Connecting AI infrastructure to existing 
enterprise systems

• Deploying NVIDIA NIM™ microservices with 
the right model configurations

• Setting up NVIDIA Omniverse™ libraries and 
workflows for design and simulation teams

•Configuring access controls and audit logging

• Validating performance under real workloads 
before declaring a deployment complete

The activation phase is where most deployments 
either solidify or start accumulating technical 
debt. Panchaea treats it as a critical phase, not an 
afterthought, and has an array of partners able to 
meet the needs of any size or vertical.

Scaling and ongoing collaboration

AI infrastructure isn’t a set-and-forget proposition. 
Models improve. Use cases expand. User volumes 
grow. What was adequate compute at deployment 
becomes the bottleneck eighteen months later.

Panchaea works with clients as their 
deployments mature:

• Adding compute capacity when demand 
justifies it

• Introducing new model capabilities as they 
become available

• Optimising performance across the stack

• Supporting the engineering and operations 
teams running on top of the infrastructure

The goal is an enterprise AI stack that gets 
more capable over time, not one that requires a 
replacement cycle every few years.

That’s the point

If your organisation is serious about enterprise AI, about moving from experimentation to production, from 
cloud dependency to sovereign infrastructure, from pilot projects to genuine competitive advantage, the 
conversation starts with understanding where you are and where you need to get to.

That’s a conversation Panchaea is ready to have.

Panchaea exists to close the gap between AI ambition 

and AI execution. No hyperscaler dependency. No vendor 

lock-in. No excuses for failed deployments.
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NVIDIA, NVIDIA RTX™, NVIDIA DGX™, NVIDIA NIM™ and NVIDIA Omniverse™ are trademarks and/or 
registered trademarks of NVIDIA Corporation in the United States and other countries.

The three deployment 
stages at a glance
• Stage 1 – Developer workstation: Local inference and agent development on a 

workstation powered by an NVIDIA RTX PRO 6000 Blackwell Workstation Edition GPU. No 
cloud dependency. Validated use case and data requirements.

• Stage 2 – Team AI layer: Shared GPU resource across a team or department. Multiple 
NVIDIA RTX PRO™-powered workstations serving shared inference endpoints with access 
controls and basic governance.

• Stage 3 – Enterprise-scale private AI infrastructure: NVIDIA DGX™ systems delivering 
compute density for organisation-wide AI deployment. Fully private, auditable, sovereign.

NVIDIA product reference
•  NVIDIA RTX PRO 6000 Blackwell Workstation Edition: High-performance workstation 

GPU built on the NVIDIA Blackwell architecture. 96 GB GDDR7 memory, 1,792 GB/s 
memory bandwidth and 4000 AI TOPS. For individual developers, designers and 
researchers requiring serious local AI compute.

•  NVIDIA DGX™ systems: Purpose-built AI infrastructure for enterprise-scale training, 
fine-tuning and inference. Designed end-to-end for sustained AI workloads.

• NVIDIA Omniverse™ libraries: Tools for physically accurate simulation, digital twins and 
multi-application collaborative workflows.

• NVIDIA NIM™: Prebuilt, optimised inference microservices for fast, private, scalable model 
deployment across NVIDIA-accelerated infrastructure.

• NVIDIA Blackwell architecture: The GPU architecture powering the NVIDIA RTX PRO 
6000 Blackwell Workstation Edition.

Get in touch: sales@panchaea.com | panchaea.com
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